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ABSTRACT.

 

In receiver operating characteristic (ROC) curve analysis, the optimal cutoff value for a
diagnostic test can be found on the ROC curve where the slope of the curve is equal to (C/B) 

 

3

 

 (1–p[D])/p[D],
where p[D] is the disease prevalence and C/B is the ratio of net costs of treating nondiseased individuals to net
benefits of treating diseased individuals. We conducted a structured review of the medical literature to examine
C/B ratios found in ROC curve analysis. Only two studies were found in which a C/B ratio was explicitly
calculated; in another 11 studies, a C/B ratio was based on a so-called holistic estimate, an all-encompassing
educated estimate of the relative costs and benefits relevant to the clinical situation. The C/B ratios ranged from
0.0025 (tuberculosis screening) to 2.7 (teeth restoration for carious lesions). Clinical scenarios that are directly
life threatening but curable had C/B ratios of less than 0.05. This analysis led us to construct a table of ordered C/B
ratios that may be used by investigators to approximate C/B ratios for other clinical situations in order to establish

 

cutpoints for new diagnostic tests. 
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INTRODUCTION

 

A receiver operating characteristic (ROC) curve provides a
visual comparison of the trade-offs between the true-posi-
tive rate (or sensitivity) and the false-positive rate (or one
minus specificity) of a diagnostic test (Figure 1). ROC
curve analysis may be used for three purposes: (1) to deter-
mine the discriminative ability of a diagnostic test, (2) to
compare the discriminative abilities among several differ-
ent diagnostic tests in order to identify the preferred one,
and (3) to determine the optimal cutpoint of a diagnostic
test. This article focuses on the third purpose.

When a single diagnostic test is available, a cutoff point
or threshold distinguishes cases from noncases, i.e., those
who will be treated from those who will not be treated. The
optimal cutpoint of a diagnostic test is defined in the medi-
cal literature as the point at which the expected utility of a
diagnostic test is maximized, where utility is a measure of

the strength of preference for an outcome. Metz [1] has
shown that this optimal point on the ROC curve is the spot
at which the slope R satisfies the following equation:

where

The first term of the Metz equation, the C/B ratio, repre-
sents the ratio of the net costs of treating nondiseased indi-
viduals to the net benefits of treating diseased individuals.
The C/B ratio is expressed as a numerical ratio, without
units, because it represents a relative weighting of advan-
tages and disadvantages of treatment. For example, if the
net costs of treating nondiseased individuals were to be
three times as great as the net benefits of treating diseased
individuals, then the C/B ratio would be equal to 3.

The C/B ratio can be dissected into its component parts re-
garding the eventual outcomes of the test result. Two perspec-
tives for evaluating net costs to net benefits are available, de-
pending on whether one wants to view outcomes as either
“costs” (in a negative frame) or as “utilities” (in a positive

R C B⁄ 1 p D[ ]–( ) p D[ ]⁄×=

C net costs of treating nondiseased individuals,=
B net benefits of treating diseased individuals,

and
=

p D[ ] prevalence of disease.=
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frame). In the first perspective, “cost” is a negative outcome
measure, referring to the negative effects in terms of monetary
cost, adverse health risks, or a combination of the two. The
C/B ratio based on costs can be determined by formal methods
(e.g., clinical decision analysis or cost–benefit analysis) or by a
subjective estimate. The following is the framework developed
by Metz [1] and Weinstein and Fineberg [2]. In general:

where:

In the second perspective, outcomes can be viewed in
terms of utilities, “utility” being a positively framed outcome
measure that refers to monetary savings, health benefits, or a
combination of the two. It should be noted that “utility” re-
fers to a generally positive outcome measure and not neces-
sarily a utility defined in the von Neumann-Morgenstern [3]
framework as an outcome evaluated using the standard gam-
ble method. The paradigm of using utilities in the ratio of net
costs to net benefits was developed by Sox 

 

et al.

 

 [4]:

C B⁄ CTN CFP–( ) CTP CFN–( )⁄=

CTN cost of a true-negative result; typically best
outcome of not having disease

=

CFP cost of a false-positive result;
inappropriate (over)treatment

=

CTP cost of a true-positive result; 
appropriate treatment

=

CFN cost of a false-negative result;
typically worst outcome of missed case

=

C B⁄ UTN UFP–( ) UTP UFN–( )⁄=

 

where:

The second term in the Metz equation involves the prev-
alence of disease. For diseases of low prevalence (which typ-
ically result in more false positives than true positives) and
for conditions in which a false positive would result in pain-
ful or dangerous testing or treatment, the analyst should
select a cutoff point that yields fewer false positives. Such a
cutoff point should be chosen from the segment of the ROC
curve in the lower-left quadrant of the ROC plot in Figure
1. A line tangent to a point of the ROC curve selected from
the lower-left quadrant of the ROC plot has a relatively
steep slope. While this cutoff point yields fewer false posi-
tives, it also results in a trade-off of more false negatives.

Conversely, for highly prevalent diseases and for condi-
tions in which the number of false-negative test results
should be minimized, the analyst should select a cutoff
point that limits the number of false negatives. Such a
point should be chosen from the segment of the ROC curve
in the upper-right quadrant of the ROC curve plot in Fig-
ure 1. A line tangent to a point of the ROC curve selected
from the upper-right quadrant of the ROC plot has a rela-
tively flatter slope than tangents drawn for other points on
the ROC curve. However, such a cutoff point would yield
more false-positive results [5].

For diseases in which treatment or testing is toxic to
nondiseased patients but has little chance of curing dis-
eased patients, the C/B ratio is moderate to large. Again,
this results in a steep slope, and both true positives and false
positives are minimized. Likewise, the C/B ratio is small to
moderate for conditions in which treatment or testing is
relatively benign for nondiseased patients and presents an
excellent chance of cure for diseased patients. This results
in a flatter slope in which the number of true positives is as
large as the number of false positives [1].

We undertook this study as a part of a larger project to
evaluate the cost-effectiveness of strategies for the diagnosis
and management of patients with cervical precancerous
conditions, in which the results of the newer technology of
fluorescence spectroscopy were compared with those of the
usual care of colposcopic examination. In the present study,
we wished to examine how researchers assigned or deter-
mined a C/B ratio in the management of clinical problems
in order to determine the optimal cutpoint along a ROC
curve for a diagnostic test. Our goal was to find and com-
pare studies that formally justified an optimal cutpoint us-
ing a C/B ratio within a ROC curve analysis.

UTN utility of a true-negative result;
typically best outcome of not having disease

=

UFP utility of a false-positive result;
inappropriate treatment

=

UTP utility of a true-positive result;
appropriate treatment

=

UFN utility of a false-negative result;
typically worst outcome of missed case

=

FIGURE 1. A receiver operating characteristic (ROC) curve,
demonstrating the tradeoff between the true-positive rate
(sensitivity) and the false-positive rate (1-specificity) for a
diagnostic test. The 45-degree diagonal line represents a test
that does not provide any useful discriminative information
between diseased and nondiseased patients. 
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METHODS

 

Published reports of clinical and diagnostic applications of
ROC curve analysis were reviewed for this inventory. One
of the investigators (CCS) conducted a literature search us-
ing MEDLINE for all reports published between 1976 and
1997, inclusive. (We made sure to include 1978 because
that was the year of Metz’s landmark publication on ROC
curve analysis.) Articles that met the following selection
criteria were chosen for initial review: (1) keyword 

 

5

 

“ROC curve analysis”; and (2) textword 

 

5

 

 “cutoff” OR
“criterion” OR “threshold.” The articles’ references were
also examined for additional sources.

We noted the papers in which the C/B ratio was implic-
itly established by the authors’ interpretation of the relative
net costs of treating nondiseased individuals compared with
the net benefits of treating diseased individuals. This as-
signment of a C/B ratio based on encompassing all at-
tributes deemed appropriate, including clinical outcomes,
economic impact, and psychological concerns, will be re-
ferred to as a “holistic” estimate, similar to the sense when
Fischer [6] described an approach for simultaneously incor-
porating multiple attributes in the outcomes evaluation
process. Alternatively, we noted when a C/B ratio was ex-
plicitly calculated, as in a cost–benefit analysis, which re-
quires health outcomes to be valued in monetary units [7],
or as part of a clinical decision analysis, which uses the
maximization of a clinical outcome (e.g., survival probabil-
ity, life expectancy, or quality-adjusted life expectancy) as
the decision criterion.

We initially identified 377 abstracts that satisfied the MED-
LINE search criteria. The number of published abstracts in-
creased over the periods selected: 8 abstracts were found for
the years 1976 to 1980; 41 abstracts were found for the years
1981 to 1986; 96 abstracts were found for the years 1987 to
1992; and 232 abstracts were found for the years 1993 to
1997. Based on the content of the abstracts, only 48 of the
377 identified abstracts were selected to be reviewed in de-
tail; the remaining ones were not reviewed in detail because
their abstracts did not indicate that a C/B ratio or an ex-
plicit method for determining a threshold was described.

To validate that the employed methodology for selecting
articles was accurate, two investigators (SBC, GTL), differ-
ent from the investigator who conducted the initial litera-
ture search, reviewed a random sample of 73 articles identi-
fied from the 329 abstracts not initially reviewed. This
validation sample was undertaken to determine whether or
not relevant articles had been inadvertently omitted in the
original review process. An error rate of 5% was considered
acceptable.

 

RESULTS

 

Of the 48 articles selected for review, including others
found by checking secondary references, only 13 articles in-

cluded a C/B ratio as part of the ROC curve analysis for de-
termining an optimal cutpoint. The validation sample
yielded only one article that employed the Metz [1] meth-
odology; it was a study of determining the optimal cutpoint
levels of plasma des-gamma-carboxy prothrombin and se-
rum alpha-fetoprotein for the diagnosis of hepatocellular
carcinoma [8]. The prevalence of appropriate studies missed
by the original search was therefore found to be 1.4% (1/
73), leading us to conclude that our strategy was appropriate.

In the studies that did not include a C/B ratio as part of
the ROC curve analysis, (including those from the valida-
tion sample as well as the ones from the initial review), the
investigators used one of several different methods to deter-
mine a cutpoint:

• An arbitrary point was selected, with no justification or
explanation given.

• The point on the ROC curve that was closest to the up-
per-left corner of the ROC plot was selected. (The point
in the upper-left corner of the ROC plot represents a
perfect test with 100% sensitivity and specificity.)

• A desired level of sensitivity or specificity was predeter-
mined (or deemed acceptable), and the corresponding
operating characteristic was found from the curve. For
example, for a desired level of sensitivity equal to 0.95,
the corresponding level of specificity could be deter-
mined from the curve

• The sum of sensitivity and specificity was maximized
(see, for example, Guechot 

 

et al

 

. [9]). This is equivalent
to finding a point on the ROC curve whose tangent
slope is equal to 1.

• The point at which sensitivity was equal to specificity
was chosen (e.g., Arnese 

 

et al

 

. [10]).

None of these methods of cutpoint selection has a theoreti-
cal foundation or scientific justification. None of these
methods explicitly considers the risks and benefits of over-
treatment and undertreatment nor the prevalence of dis-
ease in the clinical situation for which the diagnostic test is
applicable.

Table 1 enumerates the papers that included a C/B ratio
as part of their ROC curve analysis for determining an opti-
mal cutpoint [2,4,5,8,11–21]. They are presented in order
from smallest to largest C/B ratio, similar to the way clinical
interventions in league tables of incremental cost-effective-
ness ratios are presented from smallest to largest dollars per
quality-adjusted life year gained [22]. The studies that pro-
vided a single C/B ratio are depicted in Figure 2.

The smallest C/B ratio found was 1/400 or 0.0025 for tu-
berculosis screening [11]. In this clinical scenario, the con-
sequences of a missed case are serious and may potentially
result in death. Consequently, the costs of overtreatment
are small relative to the benefits of treating true cases. Al-
though the overall sample size of 13 studies is small, we
found the ratios to have consistency. Clinical scenarios that
have direct life-threatening relevance, including tuberculo-
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sis testing [11], breast cancer screening [12,13], testing for
curable fatal infectious disease [4], and stress testing for
three vessel coronary disease [5], all had C/B ratios lower
than 1/20 or 0.05.

The largest C/B ratio found was 260/96 (or 2.7) for teeth
restoration necessitated by carious lesions [21]. The clinical
situations shown on the bottom portion of Table 1 (child

behavior checklist [20], computed tomography scan for
neurological disorders [17], and confirmation of disease
without cure [4]) are not immediately life threatening or
have little chance of cure when the individual tested actu-
ally has the disease or condition of interest. Compared with
interventions in some of the other cases, smaller or even no
clinical benefit would be gained from detecting disease in

 

TABLE 1. 

 

Summary of C/B ratios in receiver operating characteristic curve analysis

Reference Clinical scenario
Country/

perspective C/B ratio C/B method C/B basis

 

Lusted [11] Tuberculosis testing USA/physician 1/400 

 

5

 

 0.0025 Holistic Physician value judgments
and dollar costs

Gohagen 

 

et al.

 

 [12,13]

 

a

 

Mammography and USA/patient 1/1000 

 

5

 

 0.001 Holistic External, psychosocial,
palpation for breast 1/100 

 

5

 

 0.01 and dollar costs
screening (primary care)

Sox 

 

et al.

 

 [4] Screening for curable USA/patient 1/50 

 

5

 

 0.02 Holistic No details provided
infectious disease of serious
consequence (primary care
setting)

Hagen [5] Stress test and three-vessel USA/patient 0.2/5.4 

 

5

 

 0.037 Explicit Costs 

 

5

 

 percentage of
coronary disease (primary acute mortality; benefits 

 

5

 

care) percentage of improved
survival

Weinstein and Schiotz tonometry and USA/patient 1/20 

 

5

 

 0.05 Holistic No details provided
Fineberg [2] glaucoma (in

ophthalmology clinic)
DeBaun and Sox [14] Lead poisoning in children USA/societal (168-63)/(6159- Explicit Cost-benefit analysis

(primary care setting) 4361) 

 

5

 

 0.058 including direct and
indirect (by human capital
approach) dollar costs

Milman and Albeck Tests for hereditary Denmark/patient 1/100 

 

5

 

 0.01 Holistic No details provided
[15] haemochromatosis 1/10 

 

5

 

 0.10
1/1 

 

5

 

 1.00
Bergus [16] Urinary tract infection USA/patient 1/1.5 

 

5

 

 0.6667 Holistic C/B derived from clinical
(primary care setting) experience

England [17] CT scan images of patients USA/patient (0-3000)/(3000- Holistic No details provided
with neurological problems 6000) 

 

5

 

 1.0
(based on Hanley and
McNeil [18])

Hdez-Armas 

 

et al. 

 

[19] Gammagraphic diagnosis of Spain/patient 1/1 

 

5

 

 1.0 Holistic “Simplified cost–benefit
hepatic cirrhosis analysis” but no details

provided
Fombonne [20] Child behavior checklist for France/various 1/1 

 

5

 

 1.0 Holistic Risk/benefit of treatment
psychiatric research to financial cost, and
measure child psychiatric discomfort
disorders

Fujiyama 

 

et al.

 

 [8] Plasma DCP and AFP in Japan/patient 1/1 Holistic No details provided
diagnosis of liver cancer

Sox 

 

et al.

 

 [4] Confirmation of incurable USA/patient 2/1 

 

5

 

 2.0 Holistic No details provided
infectious disease of serious
consequence (primary care
setting)

Kay and Knill-Jones [21] Dentists’ decisions to Scotland/patient 260/96 

 

5

 

 2.7 Holistic

 

b

 

Value judgment left up to
restore teeth deemed dentist
positive for carious lesions

 

C/B methods: holistic—assignment of C/B ratio based on encompassing all attributes deemed appropriate by investigators (e.g. clinical outcomes, economic
impact, etc.); explicit—C/B ratio calculation based on explicit evaluation of health outcomes using cost-benefit or clinical decision analysis. Note that some
scenarios and diagnostic tests suggested several possible C/B ratios.

 

a

 

For illustrative purposes, Gohagen 

 

et al

 

. [13] calculated cutoff points for varying C/B ratios and disease rates, and they used cost estimates cited in their
previous work.

 

b

 

Holistic estimate based on retrospective examination of operating characteristics.
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these patients. The C/B ratios in these cases are all greater
than or equal to 1.

In only two studies were explicit analyses performed that
identified the four “costs” of the four diagnostic outcomes:
true positives, true negatives, false positives, and false neg-
atives. DeBaun and Sox [14] performed a cost–benefit anal-
ysis to determine the optimal threshold for erythrocyte
protoporphyrin screening for lead poisoning. In this cost–
benefit analysis, the total costs of the possible outcomes of
lead poisoning screening were determined. In this context,
the total cost referred to the sum of direct and indirect
costs. Direct costs referred to medical costs; indirect costs
referred to the reduction in future earnings of a child who
has either mental retardation or a learning disability sec-
ondary to lead poisoning. The Metz equation was used to
determine the slope of the tangent of the ROC curve where
the optimal cutpoint should be; in this case, the monetary
costs of the outcomes formed the basis for the C/B ratio.

In a review article on ROC curve analysis, Hagen [5] per-
formed a simplified clinical decision analysis using 1-year
mortality rate as outcome measure for determining the opti-
mal cutpoint for electrocardiographic stress testing for

three-vessel coronary disease. Hagen [5] argued that the net
cost of stress testing in normal patients is the 0.2% risk of
acute mortality from coronary angiography, used when an
abnormal stress test occurs. The net benefits of stress testing
consist of the improved survival for true-positive patients:
medically treated three vessel coronary disease confers a
9.0% excess annual mortality, with bypass surgery decreas-
ing the coronary-related excess annual mortality by 1.3%.
However, bypass surgery has an acute surgical mortality risk
of 2.3%. Thus, the net 1-year benefit for stress testing is
(9.0%–2.3%)–1.3% or 5.4%. The C/B ratio is therefore
equal to 0.2%/5.4%, or 0.037. Given the baseline preva-
lence of three-vessel coronary disease in men, the Metz
equation could then be applied to determine the point on
the ROC curve with the appropriate slope that would indi-
cate the optimal cutpoint for electrocardiographic stress
testing for three-vessel coronary disease.

In the other studies listed in Table 1, few details were
provided in reference to how the C/B ratio was determined.
Various factors, such as the relative cost of diagnostic errors
compared with the value of correct diagnoses . . . [includ-
ing] dollar costs” [11], “clinical experience” [16], “risk/bene-
fits from treatment, financial costs, discomfort, etc.” [20], or
“views about . . . the long-term outcomes of any treatment
prescribed . . . [and] beliefs about the sequelae of untreated
disease” [21], may have been incorporated in the determi-
nation of the C/B ratio. However, no further details were
provided; the reader must infer any additional information.
For example, in the Bergus study [16], a cost–benefit analy-
sis based on the dollar cost of office visits and antibiotic
treatment for urinary tract infection would coincidentally
lead to the same C/B ratio as presented in the paper (2/3)
(personal communication). However, in most of these stud-
ies, no details were provided at all.

In the majority of these studies, the authors would write
something to the effect that “the costs of treatment of non-
diseased patients were 

 

x

 

 times as great as the net benefits of
treatment of diseased patients.” In these cases, the C/B ra-
tios were simple to calculate. For example, in the Bergus
[16] study, the author states that the net benefits of treat-
ment were 1.5 times as great as the net costs based on a ho-
listic estimate—therefore, the C/B ratio was calculated as
1/1.5, or 0.667. In many of the studies, as shown in Figure 2,
the authors stated that the net costs of treatment were
equivalent to the net benefits; therefore, the C/B ratio
would be calculated as 1/1 or simply, 1. Perhaps this as-
sumption was made for purpose of simplicity; in any case,
no detailed rationale was provided to the reader. Thus, the
11 studies other than the DeBaun and Sox [14] and Hagen
[5] studies identified in Table 1 recognized the importance
of the C/B ratio but made a holistic rather than an explicit
estimate of the ratio of net costs to net benefits.

To determine the C/B ratio for fluorescence spectroscopy
in a referral setting, we compared the possible outcomes of
diagnostic testing for cervical precancerous lesions in a

FIGURE 2. Studies that cited a C/B ratio as plotted on a log-
arithmic scale (references in parentheses). Note: Studies
from Table 1 presenting multiple C/B ratios are not in-
cluded in the figure for purposes of clarity.
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noncompliant referral population with the other clinical
testing scenarios as presented in Table 1. Cervical cancer is
a serious disease, but much greater survival benefits are
achieved when detected early in its precancerous stages.
Thus, diagnostic testing for cervical precancer is more like
the clinical scenarios in the top portion of the table. There-
fore, we estimated that the appropriate range for the C/B
ratio regarding the diagnosis of cervical precancers is be-
tween 0.01 and 0.05. This range of estimates can then be
used in the Metz equation to determine the optimal cut-
point for fluorescence spectroscopy in a referral setting.

 

DISCUSSION

 

The recent emphasis on cost-conserving medical practice
[23] and incorporation of patients’ values in clinical deci-
sion making [24] has emphasized the need to justify the cut-
off or threshold values in ROC curve analysis for diagnostic
tests. Several articles in the literature have highlighted the
formula for the identification of an optimal cutoff point
based on the slope of the ROC curve. In the Metz equation,
the prevalence p[D] can usually be identified in a relatively
straightforward manner. In contrast, the C/B component
requires researchers identify explicitly costs or utilities of
four possible outcomes: true positives, false positives, true
negatives, and false negatives.

The Metz [1] model that is used in this article is a generic
model of determining optimal cutpoints on a ROC curve.
Although it is not typically explicitly stated in these types
of diagnostic studies, the model of choice of a cutpoint is
typically applied to an “average” patient. The specific
amount of net benefit of treatment for diseased patients or
net cost for nondiseased patients depends on a variety of
factors. For example, a physician may prefer to perform car-
diac catheterization on a 30-year-old patient, compared
with a 90-year-old patient, even if both have the same pos-
terior probability of coronary artery disease, because the life
expectancy for a successfully treated patient in the former
case is much greater. Similarly, the severity of disease may
lead to a different estimate of the C/B ratio, again because
of the variations in the valuations of the possible outcomes.
Thus, we recognize that a “one cutoff does it all” approach
may not be appropriate. To accommodate particular or spe-
cialized patient populations, an adjustment of the C/B ra-
tio, in either the previously published studies or for use in
future studies, may not only be appropriate, but desirable
as well.

We have classified the results of our literature search for
methodologies for determining optimal diagnostic cut-
points into four categories of analysis. The literature de-
scribes the development of many diagnostic tests that seem
to pick arbitrary cutoffs for the determination of a “posi-
tive” result. The commercial manufacturers of these tests
seem to be the least rigorous in their methodology for
choosing a cutpoint.

The second category of analysis is used by a minority of
researchers who seem to understand the theoretical founda-
tions of ROC curve analysis and even plot the ROC curve
but who then claim that the best operating point on the
curve is the one that is closest to the point of perfection,
one that is on the line perpendicular to the 45-degree line
of no diagnostic information. Some investigators have used
other criteria for determining the “optimal” cutpoint: ac-
ceptance of a preset level of sensitivity or specificity and de-
termining the corresponding operating characteristic, max-
imizing the sum of sensitivity plus specificity, or finding the
point at which sensitivity is equal to specificity. None of
these methods takes into consideration the prevalence of
disease or the consequences of correctly or incorrectly clas-
sifying a test as positive or negative.

The third category of analysis is used by investigators
who chose the operating point based on the Metz equation
but chose the C/B ratio based on their own clinical experi-
ence rather than arbitrary opinion. Although no explicit
justification is given for the C/B ratio chosen, the analyses
based on these choices have shown some level of consis-
tency.

Finally, the fourth category of analysis for choice of an
optimal cutpoint was found only in two studies [5,14]. The
investigators using this approach performed a quantitative
cost–benefit or clinical decision analysis to determine ex-
plicitly costs and benefits of appropriate and inappropriate
treatment. This fourth kind of analysis is typically the most
rigorous, difficult, and time consuming, but the explicit na-
ture of the analysis makes it the most appealing.

We recognize that many investigators do not encourage
the dichotomization of diagnostic test results. Centor [25]
recommended the use of likelihood ratios and Bayesian
prior-to-posterior analysis to determine the revised proba-
bility of disease after the results of a diagnostic test are
learned. This was the approach taken in the use of the
CAGE questionnaire to diagnose a history of alcohol abuse
[26]. Diagnostic tests are still being developed, however,
that recommend the use of cutpoints that produce dichoto-
mous “test-positive” and “test-negative” results. Hence, the
framework we describe should be highly relevant.

We embarked on this study to help determine what the
optimal cutpoint should be for the diagnosis of cervical in-
traepithelial neoplasia when using fluorescence spectros-
copy. Fluorescence spectroscopy uses laser technology to
distinguish normal from precancerous tissues [27]. By vary-
ing the threshold of classification, pairs of sensitivity and
specificity values are established. We determined an appro-
priate estimate for the ratio of the net costs of treating
women without cervical intraepithelial neoplasia to the net
benefits of treating women with cervical intraepithelial
neoplasia (defined as the C/B ratio) by comparing the clini-
cal situation with the other entries in the C/B summary ta-
ble. By using this C/B estimate and the prevalence of cervi-
cal intraepithelial neoplasia in our referral population, we
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can now determine an optimal cutoff point for this innova-
tive clinical technique. We recognize, however, that a de-
tailed, though more complicated, explicit cost–benefit
analysis or clinical decision analysis is preferred for deter-
mining a C/B ratio. We intend to analyze the diagnostic
utility of fluorescence spectroscopy using the most rigorous
methodology.

Over the past 20 years, an increasing number of studies
involving diagnostic tests and the use of ROC curve analy-
sis have appeared in MEDLINE. This may be attributed to
the increasing number of publications catalogued in the lit-
erature database. A more likely explanation is that rapid
advances in medical science have resulted in increased de-
mand for both development and evaluation of diagnostic
tests. With these technological advances, investigators
must strive for the appropriate interpretation and classifica-
tion of such diagnostic tests. Furthermore, the clinical situ-
ations for which these tests are applied have become more
serious, both from the policy and the individual patient’s
perspectives. For example, the downstream consequences of
diagnostic tests that involve genetic screening for a pa-
tient’s inherited predisposition for cancer underscore the
importance of using the appropriate methodologies for
evaluating the classification of a positive test result. These
consequences have implications ranging from insurance
discrimination to prophylactic surgical interventions to
prevent cancer that may develop many years in the future.

An important aspect of this article may be to assist inves-
tigators who want to follow the third category of analysis of
justification in determining an optimal cutoff point. Our
summary table (Table 1) of C/B ratios for many different
clinical situations is sorted by smallest to largest C/B ratio.
This table may be a guide for determining a C/B ratio for a
new diagnostic test to be used in a particular clinical situa-
tion. One could then compare the new diagnostic test in
the particular clinical situation (e.g., primary care or spe-
cialty setting) with the established tests. If similarities be-
tween the new test-setting situation and the established
test-setting situations can be found, then one could use the
same C/B ratios (or range of ratios) to assign a C/B ratio for
the new test-setting situation.

For this purpose, however, the table should be used with
caution. Only two of the cited articles actually performed
explicit analyses of the costs and benefits of the diagnostic
outcomes, and these are subject to their own critiques.
Some investigators who could not determine a C/B ratio for
their particular test clinical scenario suggested a range of ra-
tios of several orders of magnitude. Finally, in the majority
of studies in which all-encompassing estimates of the C/B
ratio were made, little or no information was provided on
how the estimates were determined. Nevertheless, it was
interesting to note that there was a general trend regarding
the relative order of many of these testing situations; the gen-
eralizability of the data remains to be determined, as does the
theoretical and scientific basis of selecting the cutpoint.

Meanwhile, however, researchers who want to be ex-
plicit in their methodology can use our table of C/B ratios
as a guide to assess the net costs and benefits of overtreat-
ment and undertreatment compared to previously evalu-
ated clinical situations. As shown in the Metz equation, the
selected C/B ratio, multiplied by the reciprocal of the odds
of disease in the designated setting, yields a number that
should be equal to the slope of the tangent to the ROC
curve at its most optimal operating point. Given the uncer-
tainty that usually surrounds the estimation of costs and
benefits, a sensitivity analysis that incorporates variations
in the C/B ratio can be performed to see how the computed
slope and subsequent choice of optimal operating point will
be affected. Use of this analytical methodology should lead
to better clinical management decisions and enhance the
overall health of the community.
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